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Prediction of Cryptocurrency Price Trend Using Gradient Boosting
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ABSTRACT

Stock price prediction has been a difficult problem to solve. There have been many studies to predict stock price scientifically, but it is
still impossible to predict the exact price. Recently, a variety of types of cryptocurrency has been developed, beginning with Bitcoin, which
is technically implemented as the concept of distributed ledger. Various approaches have been attempted to predict the price of
cryptocurrency. Especially, it is various from attempts to stock prediction techniques in traditional stock market, to attempts to apply deep
learning and reinforcement learning. Since the market for cryptocurrency has many new features that are not present in the existing
traditional stock market, there is a growing demand for new analytical techniques suitable for the cryptocurrency market. In this study, we
first collect and process seven cryptocurrency price data through Bithumb’s APL Then, we use the gradient boosting model, which is a
data—driven learning based machine learning model, and let the model learn the price data change of cryptocurrency. We also find the
most optimal model parameters in the verification step, and finally evaluate the prediction performance of the cryptocurrency price trends.
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Table 1. Collected Cryptocurrency Data

Cmie sy Collection Period UI.ut Number
Name (min.)
1 BTC 2017-06-09 08:50:00~ 10 37008

2018-05-18 12:00:00

2017-06-09 09:00:00~
. T 2018-05-18 120000 | 0 | 7

2017-06-09 09:00:00~
: XRP 2018-05-18 120000 | 0 | %

2017-08-04 21:40:00~
1 Belt 2018-05-18 12:00:00 10 28807

. 2017-06-09 09:00:00~
> LTe 2018-05-18 120000 | 0 | %

2017-06-09 09:00:00~
6 DASH 2018-05-18 120000 | 0 | T8

. 2017-06-09 09:00:00~
! ETC 2018-05-18 120000 | 0 | T
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Table 2. Example of Collected BCH Price Data

UNIX Timestamp D?tsetﬁzgir)ne Opening Price | Closing Price High Price Low Price Volume
1 149632680000 2017-06-01 23:20 3094000 3118000 3127000 3094000 191.580
2 149632740000 2017-06-01 23:30 3116000 3119000 3124000 3116000 63.8428
3 149632794000 2017-06-01 23:39 3119000 3116000 3119000 3116000 52.9553
4 149632860000 2017-06-01 23:50 0 0 0 0 0
5 Missing Missing Missing Missing Missing Missing Missing
6 Missing Missing Missing Missing Missing Missing Missing
7 149632985400 2017-06-02 00:19 0 0 0 0 0
8 149633100000 2017-06-02 00:30 3116000 3119000 3124000 3116000 101.68
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